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Financial crises typically follow economic 
booms with leverage-financed asset price bub-
bles (Reinhart and Rogoff 2008; Schularick and 
Taylor 2012). The real-sector impact of each 
crisis, especially the 2007–2009 financial cri-
sis, is enormous. Why do financial crises keep 
occurring, despite the increasing associated sig-
nificant economic rupture?

This paper develops a theory of financial 
crises based on a behavioral bias called the 
“availability heuristic,” which is the procliv-
ity of individuals to take a mental shortcut that 
relies on immediate examples that come to mind 
(Tversky and Kahneman 1973 provide exper-
imental evidence of this bias). That is, people 
often assess the probability of an event by the 
ease with which past occurrences can be remem-
bered. Quite often, factors or events related to 
personal experiences become more salient in 
this recollection. And some future events are 
perceived to be so unique that past history is 
deemed irrelevant in evaluating the likelihood of 
their occurrence.

I rely on this bias and argue that crises are 
caused by agents believing that outcomes are 
influenced by the a priori unknown skills of 
banks even though there is a nonzero probabil-
ity that these outcomes are purely exogenous.1 

1 This may be because some agents are conditioning their 
beliefs based on observed compensation levels in bank-
ing, which may themselves be driven by beliefs about the
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Good outcomes therefore lead to an excessive 
upward revision in beliefs about bankers’ skills. 
Thus, after a long sequence of good outcomes, 
all agents—banks as well as their investors 
and regulators—believe that banks are highly 
capable of managing risk. This causes banks 
and investors to underestimate the true risk in 
 high-risk products, so additional institutions 
rush in to invest in them. In effect, risk is mis-
priced because risk-management ability is over-
estimated. The increased market entry means 
more potential buyers of a bank’s loans; this 
provides enhanced liquidity to the market for 
high-risk assets, attracting more institutions. 
Eventually, there is a nonzero probability with 
which investors learn about the true risk in the 
high-risk products, causing liquidity to dry up 
and a crisis to commence.

This explanation for financial crises is con-
sonant with many of the stylized facts related 
to crises. It shows that crises can occur even if 
incentives are properly aligned, and it guides 
appropriate regulatory responses. This theory 
also explains why the economy falls to pieces 
after a financial crisis. Hall (2010) observes that 
macroeconomic models do not explain why GDP 
and employment often fail to recover soon after 
the crisis-related financial frictions have dissi-
pated. The theory in this paper is also consis-
tent with financial innovation being a  precursor 
to financial crises (e.g., Gennaioli, Shleifer, 
and Vishny 2012; and Thakor 2012), and over-
lending by banks during economic booms and 
 periods of high stock prices that sow the seeds of 
a subsequent crisis (e.g., Thakor 2000).

 importance of skills that are formed based on some 
 memorable past experience that no longer applies. That is, 
they may observe banks hiring really smart people at high 
wages and also observe high profitability in banking, and 
conclude based on this correlation. 
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Section I develops the model, Section II con-
tains the main results. Section III introduces a 
loan resale market, and also discusses why the 
economy falls to pieces after a crisis. Section IV 
concludes. All proofs, as well as a discus-
sion of the related literature and the marginal 
 contribution of this paper, are in my companion 
paper (Thakor 2014) available online.

I. The Base Model

A. Preferences and Loan Choices

There is universal risk neutrality and five 
dates: t = 0, 1, 2, 3, and 4 that cover two time 
periods. At t = 0, there are   N  0    banks in the mar-
ket. Each bank can choose to invest $1 at t = 0 
in either a prudent loan (P) or a risky first-pe-
riod loan (R). Both loans mature at t = 2. For 
simplicity, the entire $1 is raised at t = 0 in 
the form of (uninsured) debt financing. The 
debt is short-term, so first-period investors can 
withdraw funding at t = 1, or wait until t = 2. 
The repayment promised to investors differs 
based on when they withdraw. This short-term 
debt creates a maturity mismatch on the bank’s 
balance sheet. If the bank survives until t = 2, 
it makes its second-period loan (P or R), with 
investors having the option to withdraw at t = 3.

P Loans.—Loan P is either good (G) or bad 
(B), but no one can determine for sure a priori 
whether the loan is G or B. A G loan pays off   
X  p   > 1  w.p. 1, and a B loan pays off   X  p    w.p.  
b ∈  (0, 1)   and 0 w.p.  1 − b . There are two 
possible states of nature in any given period, 
 ξ ∈  { ξ  e  ,  ξ  τ  }  .  In state   ξ  e  ,  the probability that the 
loan is type G is purely exogenous and fixed at  
r ∈ (0, 1) . In state   ξ  τ  ,  the probability that the 
loan is type G depends on the talent of the bank 
doing post-lending monitoring.2 There are two 
possible types of banks: talented  (τ)  and untal-
ented (u). A type- τ  bank monitors the P loan 
with perfect efficiency and is thus able to ensure 

2 Banks are experts in screening/monitoring borrowers 
(e.g., Ramakrishnan and Thakor 1984). The specification 
here captures “model uncertainty.” In reality, investors are 
always unsure about the extent to which payoffs are influ-
enced by bankers’ skills. Moreover, they may be mistaken 
about the true state of the world because it cannot be rea-
sonably inferred by building plausible “scenarios” based on 
past experience. 

that the loan is G w.p. 1. A type-u bank, how-
ever, has no monitoring ability and thus ends up 
with a B loan w.p. 1. The common prior belief 
at t = 0 is that the probability that any given 
bank is type- τ  is r, and the probability that it 
is type u is  1 − r . The true probability of state   
ξ  e    is  λ ∈  (0, 1) ,  a small number. However, all 
agents believe at  t = 0  that  λ = 0.  At  t = 1,   
ξ  is realized. However, this realization is not 
observed until  t = 3,  at which date all agents 
receive a common signal that reveals  ξ  to them. 
This captures lags in learning. This signal is a 
completely unanticipated shock in the sense that 
all agents are unaware of the possibility of the 
signal until it arrives.

This set-up is relevant for understanding the 
role of the availability heuristic in generating 
financial crises. Even though some pre-crisis 
conditions are ubiquitous—such as high bank 
leverage and asset price bubbles—there are 
invariably circumstances unique to each crisis. 
For example, prior to the savings and loan crisis 
(S&L), we had high interest rates, an inverted 
yield curve, and no formal risk-adjusted capi-
tal requirements. Prior to the 2007–2009 crisis, 
we had the credit default swap market, shadow 
banking, and a broad set of  mortgage-backed 
securities. These unique crisis-specific circum-
stances may be so compelling that agents may 
view historical data as being useless in predict-
ing a future crisis, causing plausible indicators 
of an impending crisis to be ignored.3

At t = 0, the prior belief about the probability 
of success of P at t = 2 is   r  o  

P  ≡ r + [1 − r]b,  
and I assume that   r  o  

P   X  p   > 1,  so P is 
 socially-efficient given these prior beliefs. 
However,  b X  p   < 1  so a bank known to be 
type-u almost surely would never be able to 
raise financing for a P loan.

R Loans.—R can be either good (  G ˆ   ) or bad 
(  B ˆ   ). No one knows a priori whether a given loan 
is   G ˆ    or   B ˆ   .  A   G ˆ    loan pays off   X  R    w.p.  q ∈  (0, 1)   

3 Such as risky lending and high asset prices. Tversky and 
Kahneman (1982, p. 177) write: “Some events are perceived 
as so unique that past history does not seem to be relevant for 
the evaluation of their likelihood. In thinking of such events, 
we often construct scenarios … that lead from the present 
situation to the target event. If no reasonable scenario comes 
to mind, the event is deemed impossible or highly unlikely.” 
When there is a lending boom and things are going well, it 
may be hard to construct scenarios in which the economy 
moves from that state to a crisis. 
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and 0 w.p.   (1 − q)  , whereas a   B ̂    loan pays off 
0 w.p. 1. It is assumed that the   G ˆ   -type R loan 
dominates the G-type P loan, i.e.,  q X  R   >  X  P   . 

As with P, there are two states of nature with 
R:  ξ ∈  { ξ  e  ,  ξ  τ  }  .  In state   ξ  e  ,  the loan is type 
  G ˆ    with an exogenously fixed probability r. In 
state   ξ  τ  ,  the probability that the loan is type 
  G ˆ    depends on the bank’s skill, and the common 
belief is that a type- τ  bank will ensure w.p. 1 that 
it is a   G ˆ    loan, whereas a type-u bank will ensure 
w.p. 1 that it is a   B ˆ    loan. As with P, the proba-
bility of state   ξ  e    is  λ  and of state   ξ  τ    is  1 − λ,  and 
all agents believe at t = 0 that  λ = 0.  The differ-
ence in loan repayment probabilities across the 
good and bad loans is assumed to be greater for 
R than for P, i.e.,  q > 1 − b.  R is more complex 
than P, so the bank’s skill is more important for R.

At t = 0, the prior probability of success 
of the R loan at t = 2 is   r  o  

R  ≡ rq,  and it is 
assumed that    r  o     

R  X  R   < 1,  so the R loan is 
socially inefficient given the prior beliefs. If 
either P or R is prematurely liquidated (i.e., at 
t = 1 in the first period or t = 3 in the second 
period), there is a loss of nonpledgeable rent  
K > 0.  Absent premature liquidation, the bor-
rower would enjoy this rent.

B. Observability and Knowledge Assumptions

Each bank’s loan choice at any given date 
as well as whether the loan repaid or defaulted 
are commonly observable. So investors know 
the bank’s choice (P or R) before providing 
financing. Moreover, at t = 3, a common signal 
is observed which reveals the true model about 
whether outcomes are exogenous or dependent 
on bank skill.

C. Capital Market Financing

The capital market is competitive, so inves-
tors’ expected return on bank debt is zero. If 
investors liquidate a loan at t = 3, they collect  
L ∈ (rq  X  R  , rq  X  R   + K). 

II. Analysis of the Basic Model

A. Analysis of Outcomes at 
t = 2: Second-Period Lending Choice

PROPOSITION 1 (Bank’s Second-Period 
Lending): In the second period: (i) the bank will 

exit the market if its first-period loan defaults at 
t = 2, and (ii) if its first-period loan repays, then 
the bank makes an R loan at t = 2 if the poste-
rior belief that the bank is talented, conditional 
on first-period success, exceeds a cut-off, and a 
P loan otherwise.

The intuition is that first-period failure low-
ers posterior beliefs about the second-period 
repayment probability so much that even P is 
not viable, whereas first-period success raises 
the posterior belief about the bank being tal-
ented sufficiently to ensure that the expected 
second-period repayment probability with an R 
loan is high enough to make it more attractive 
than P.

Although first-period loan success increases 
the posterior belief about the bank being tal-
ented for both P and R loans, it causes a bigger 
increase for the R loan because the difference 
in repayment probabilities across talented and 
untalented banks is higher for the R loan than 
(q) for the P loan (1 − b), given  q > 1 − b .

B. First-Period Lending Choice  
and Second-Period Crisis

PROPOSITION 2 (Financial Crisis): All banks 
invest in P loans at t = 0 and there is no 
 first-period financial crisis. All banks that expe-
rience first-period repayment success make R 
loans at t = 2 (assuming that posterior beliefs 
exceed the talent cut-off in Proposition 1). A 
financial crisis occurs at t = 3 if investors learn 
at that time that the loan repayment probabil-
ity is purely exogenous. Otherwise, there is no 
financial crisis and investors are repaid at t = 4.

The sequence of events is that banks cannot 
finance R loans at t = 0, so they initially make 
P loans, and there is no crisis.4 The banks that 
are successful in the first period invest in R loans 
in the second period. Even if  λ  is small, there 
is a positive probability that at t = 3 investors 
will learn that second-period outcomes are 
exogenous. It is subgame perfect for investors to 
withdraw at t = 3, precipitating a crisis. Thus, 

4 Even if revelation of the true model of the world were 
to occur at t = 1 and the true model turned out to be  ξ =  ξ  e  ,  
there would be no crisis since the P loan is efficient even in 
this case. 
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with a positive probability, a financial crisis fol-
lows good bank performance, since banks invest 
in R loans only following good first-period 
performance.

III. Loan Resale Market and Post-Crisis 
Economic Funk

Loan Resale Market.—To analyze the loan 
resale market, five main elements are added: (i) 
with probability  θ ∈  (0, 1)   a bank’s investors 
experience an idiosyncratic liquidity shock at 
t = 3 requiring immediate repayment from the 
bank (these shocks are i.i.d. across banks); (ii) 
to meet the repayment, the bank can either liq-
uidate its loan at L or it can sell it to another 
bank; (iii) the loan sale price is endogenous and 
depends on the number of Bertrand competitors 
capable of buying the loan; (iv) only a bank that 
had previously invested in that type of loan (P 
or R) can buy another bank’s loan; and (v) bank 
i’s cost of gaining the expertise to manage R is   
C  i   ≥ 0,  with   C  i   ∈  [0,  C 

–
  ]  ⊂  ℝ  +   .  I then derive 

the following result.

PROPOSITION 3 (Financial Crisis with 
Loan Resale Market): The loan resale market 
increases: (i) the bank’s second-period expected 
profits on both the P and R loans; and (ii) the 
number of banks that can offer R in the second 
period. Investors demand immediate repay-
ment from a bank with an R loan at t = 3 if they 
experience a liquidity shock or if they receive a 
signal that the success probability of R is exog-
enous. In the former case, the bank is liquidated 
only if it cannot find a buyer for its loan, but in 
the latter case, all banks that have made R loans 
are liquidated.

The possibility of being able to sell the 
loan to another bank rather than liquidating 
it increases the profitability of both P and R 
loans, and it attracts more banks to make R 
loans, making the second-period risky loan 
market more  liquid and reducing the liquida-
tion likelihood for banks hit with idiosyncratic 
liquidity shocks. Paradoxically, however, it 
increases the vulnerability of the banking sys-
tem to the systematic shock (loan outcomes are 
exogenous) since this shock only brings down 
banks that have chosen R, and now there are 
more of them.

Why the Economy Falls to Pieces Following 
Credit Crises.—The model can also explain 
why recessions follow major financial crises. 
The reason is that a crisis may lower bankers’ 
beliefs about their own skills, and if this decline 
is sufficiently large, bankers will not even wish 
to invest in P loans, causing all lending to dry 
up. In Thakor (2014), I formalize this intuition 
with a modified version of the model, in which 
only the bank’s creditors privately learn at t = 3 
whether the loan repayment probability is exog-
enous (w.p.  λ) or skill-dependent  (w. p. 1 − λ) . 
If it is skill-dependent, they also observe the 
bank’s type: whether it is  τ  or u. Banks see nei-
ther of these two signals. All that the bank learns 
at t = 3 is that the true model of the world may 
have changed and that loan success probabili-
ties may be independent of bankers’ skills (the 
bank recognizes at t = 3 that the probability of 
this is λ), but it does not know if that is indeed 
true.

When creditors withdraw bank funding at 
t = 3, the bank only knows that they must have 
learned either that the loan repayment proba-
bility is exogenous or that it is skill-dependent 
and that most banks are type-u. If λ is very low, 
banks may think it likely that investors learned 
that outcomes are skill-dependent, with a high 
probability that the bank is type u. Consequently, 
the posterior belief about the repayment prob-
ability with even a P loan can fall below the 
priors and all lending may cease, causing the 
economy to fall to pieces. This continues even 
when the financing friction that investors will 
not fund banks has disappeared. The reason is 
not a lack of funds. Rather, it is the banker’s lack 
of confidence.

IV. Conclusion

This paper develops a theory of financial 
 crises based on the availability heuristic and 
learning about bankers’ skills. A long sequence 
of favorable banking outcomes leads all agents 
to assign high probabilities to the abilities of 
banks to manage risks. This provides banks with 
access to low-cost funding and lax regulation, 
and bankers—perceived to be highly skilled—
are paid high wages. Consequently, if it is 
revealed that outcomes are  skill-independent, 
a crisis occurs as creditors withdraw funding 
and the loan sale market dries up. This theory 
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explains a substantial pre-crisis build-up of 
liquidity, and then a sudden collapse. It also pre-
dicts that such financial crises will be cyclical, 
likely to follow booms, and characterized by 
slow post-crisis recovery.

REFERENCES

Gennaioli, Nicola, Andrei Shleifer, and Robert 
Vishny. 2012. “Neglected Risks, Financial 
Innovation, and Financial Fragility.” Journal of 
Financial Economics 104 (3): 452–68.

Hall, Robert E. 2010. “Why Does the Economy 
Fall to Pieces After a Financial Crisis?” Jour-
nal of Economic Perspectives 24 (4): 3–20.

Ramakrishnan, Ram T. S., and Anjan V. Thakor. 
1984. “Information Reliability and a Theory 
of Financial Intermediation.” Review of Eco-
nomic Studies 51 (3): 415–32.

Reinhart, Carmen M., and Kenneth S. Rogoff. 
2008. “Is the 2007 US Sub-prime Financial 
Crisis So Different? An International Histori-
cal Comparison.” American Economic Review 
98 (2): 339–44.

Schularick, Moritz, and Alan M. Taylor. 2012. 

“Credit Booms Gone Bust: Monetary Policy, 
Leverage Cycles, and Financial Crises, 1870–
2008.” American Economic Review 102 (2): 
1029–61.

Thakor, Anjan V. 2005. “Do Loan Commit-
ments Cause Overlending?” Journal of Money, 
Credit, and Banking 37 (6): 1067–1100.

Thakor, Anjan V. 2012. “Incentives to Innovate 
and Financial Crises.” Journal of Financial 
Economics 103 (1): 130–48.

Thakor, Anjan V. 2014. “Lending Booms, Smart 
Bankers, and Financial Crises.” http://apps.
olin.wustl.edu/faculty/Thakor/Website%20
Papers /Lend ing%20Booms_Thakor_
AERmanuscript_2015-01-09b.pdf.

Tversky, Amos, and Daniel Kahneman. 1973. 
“Availability: A Heuristic for Judging Fre-
quency and Probability.” Cognitive Psychol-
ogy 5 (2): 207–32.

Tversky, Amos, and Daniel Kahneman. 1982. 
“Availability: A Heuristic for Judging Fre-
quency and Probability.” In Judgment Under 
Uncertainty: Heuristics and Biases, edited 
by Daniel Kahneman, Paul Slovic, and Amos 
Tversky. Cambridge, UK: Cambridge Univer-
sity Press.

http://apps.olin.wustl.edu/faculty/Thakor/Website%20Papers/Lending%20Booms_Thakor_AERmanuscript_2015-01-09b.pdf
http://pubs.aeaweb.org/action/showLinks?crossref=10.1016%2Fj.jfineco.2011.03.026&citationId=p_7
http://pubs.aeaweb.org/action/showLinks?system=10.1257%2Fjep.24.4.3&citationId=p_2
http://pubs.aeaweb.org/action/showLinks?crossref=10.1016%2F0010-0285%2873%2990033-9&citationId=p_9
http://pubs.aeaweb.org/action/showLinks?system=10.1257%2Faer.98.2.339&citationId=p_4
http://pubs.aeaweb.org/action/showLinks?crossref=10.1353%2Fmcb.2006.0009&citationId=p_6
http://pubs.aeaweb.org/action/showLinks?crossref=10.1016%2Fj.jfineco.2011.05.005&citationId=p_1
http://pubs.aeaweb.org/action/showLinks?crossref=10.2307%2F2297431&citationId=p_3
http://pubs.aeaweb.org/action/showLinks?system=10.1257%2Faer.102.2.1029&citationId=p_5


This article has been cited by:

1. Qiubin Huang, Jakob de Haan, Bert Scholtens. 2020. Does bank capitalization matter for bank stock
returns?. The North American Journal of Economics and Finance 52, 101171. [Crossref]

2. Gene Ambrocio. 2020. Rational exuberance booms. Review of Economic Dynamics 35, 263-282.
[Crossref]

3. Anjan V. Thakor. 2020. Fintech and banking: What do we know?. Journal of Financial Intermediation
41, 100833. [Crossref]

4. Ji Wu, Mengmeng Guo, Minghua Chen, Bang Nam Jeon. 2019. Market power and risk-taking
of banks: Some semiparametric evidence from emerging economies. Emerging Markets Review 41,
100630. [Crossref]

5. Antonio D’Amato. 2019. Capital structure, debt maturity, and financial crisis: empirical evidence from
SMEs. Small Business Economics 26. . [Crossref]

6. Ingrid Kubin, Thomas O. Zörner. 2019. Credit cycles, human capital and the distribution of income.
Journal of Economic Behavior & Organization . [Crossref]

7. Sheng Huang, Johan Maharjan, Anjan V. Thakor. 2019. Disagreement-induced CEO turnover.
Journal of Financial Intermediation 100819. [Crossref]

8. David Peón, Manel Antelo. 2019. Do bad borrowers hurt good borrowers? A model of biased banking
competition. Portuguese Economic Journal 18:1, 5-17. [Crossref]

9. . Bank Capital Structure 317-327. [Crossref]
10. . The 2007–2009 Financial Crisis and Other Financial Crises 331-352. [Crossref]
11. . The Evolution of Banks and Markets and the Role of Financial Innovation 429-440. [Crossref]
12. Sumit Agarwal, Itzhak Ben-David. 2018. Loan prospecting and the loss of soft information. Journal

of Financial Economics 129:3, 608-628. [Crossref]
13. Gilbert Colletaz, Grégory Levieuge, Alexandra Popescu. 2018. Monetary policy and long-run systemic

risk-taking. Journal of Economic Dynamics and Control 86, 165-184. [Crossref]
14. Arnoud W. A. Boot, Anjan V. Thakor. 2018. Commercial Banking and Shadow Banking: The

Accelerating Integration of Banks and Markets and Its Implications for Regulation. SSRN Electronic
Journal . [Crossref]

15. Bang Nam Jeon, Ji Wu, Mengmeng Guo, Minghua Chen. 2018. Market Power and Risk-Taking
of Banks: Some Semiparametric Evidence from Emerging Economies. SSRN Electronic Journal .
[Crossref]

16. Qiubin Huang, Jakob <!>de Haan, Bert Scholtens. 2018. Bank Capitalization and the Cross-Section
of Bank Stock Returns. SSRN Electronic Journal . [Crossref]

17. Gilbert Colletaz, Grégory Levieuge, Alexandra Popescu. 2018. Monetary Policy and Long-Run
Systemic Risk-Taking. SSRN Electronic Journal . [Crossref]

18. Bang Nam Jeon, Ji Wu, Mengmeng Guo, Minghua Chen. 2018. Market Power and Risk-Taking of
Banks: New Consolidating Evidence from Emerging Economies. SSRN Electronic Journal . [Crossref]

19. Rami Zeitun, Akram Temimi, Karim Mimouni. 2017. Do financial crises alter the dynamics of
corporate capital structure? Evidence from GCC countries. The Quarterly Review of Economics and
Finance 63, 21-33. [Crossref]

20. Mariolia Kozubovska. 2017. The effect of US bank holding companies’ exposure to asset-backed
commercial paper conduits on the information opacity and systemic risk. Research in International
Business and Finance 39, 530-545. [Crossref]

https://doi.org/10.1016/j.najef.2020.101171
https://doi.org/10.1016/j.red.2019.07.002
https://doi.org/10.1016/j.jfi.2019.100833
https://doi.org/10.1016/j.ememar.2019.100630
https://doi.org/10.1007/s11187-019-00165-6
https://doi.org/10.1016/j.jebo.2019.02.022
https://doi.org/10.1016/j.jfi.2019.01.006
https://doi.org/10.1007/s10258-018-0149-1
https://doi.org/10.1016/B978-0-12-405208-6.00013-9
https://doi.org/10.1016/B978-0-12-405208-6.00014-0
https://doi.org/10.1016/B978-0-12-405208-6.00017-6
https://doi.org/10.1016/j.jfineco.2018.05.003
https://doi.org/10.1016/j.jedc.2017.11.001
https://doi.org/10.2139/ssrn.3099114
https://doi.org/10.2139/ssrn.3109112
https://doi.org/10.2139/ssrn.3125882
https://doi.org/10.2139/ssrn.3250617
https://doi.org/10.2139/ssrn.3315616
https://doi.org/10.1016/j.qref.2016.05.004
https://doi.org/10.1016/j.ribaf.2016.09.013


21. Viral V. Acharya, Anjan V. Thakor. 2016. The dark side of liquidity creation: Leverage and systemic
risk. Journal of Financial Intermediation 28, 4-21. [Crossref]

22. . Bank Capital Structure 317-327. [Crossref]
23. . The 2007–2009 Financial Crisis and Other Financial Crises 331-352. [Crossref]
24. . The Evolution of Banks and Markets and the Role of Financial Innovation 429-440. [Crossref]
25. Anjan V. Thakor. 2016. The highs and the lows: A theory of credit risk assessment and pricing

through the business cycle. Journal of Financial Intermediation 25, 1-29. [Crossref]
26. Anjan V. Thakor. 2015. The Highs and the Lows: A Theory of Credit Risk Assessment and Pricing

Through the Business Cycle. SSRN Electronic Journal . [Crossref]
27. Silvio Petriconi. 2015. Bank Competition, Information Choice and Inefficient Lending Booms. SSRN

Electronic Journal . [Crossref]
28. Viral V. Acharya, Anjan V. Thakor. 2014. The Dark Side of Liquidity Creation: Leverage and Systemic

Risk. SSRN Electronic Journal . [Crossref]
29. Anjan V. Thakor. 2013. The Financial Crisis of 2007-09: Why Did It Happen and What Did We

Learn?. SSRN Electronic Journal . [Crossref]

https://doi.org/10.1016/j.jfi.2016.08.004
https://doi.org/10.1016/B978-0-12-405196-6.00013-6
https://doi.org/10.1016/B978-0-12-405196-6.00014-8
https://doi.org/10.1016/B978-0-12-405196-6.00017-3
https://doi.org/10.1016/j.jfi.2015.06.003
https://doi.org/10.2139/ssrn.2612241
https://doi.org/10.2139/ssrn.2705043
https://doi.org/10.2139/ssrn.2539334
https://doi.org/10.2139/ssrn.2372449

	BANKING, FINANCIAL CRISES, AND BEHAVIORAL FINANCE
	Lending Booms, Smart Bankers, and Financial Crises
	I. The Base Model
	A. Preferences and Loan Choices
	B. Observability and Knowledge Assumptions
	C. Capital Market Financing

	II. Analysis of the Basic Model
	A. Analysis of Outcomes at t = 2: Second-Period Lending Choice
	B. First-Period Lending Choice and Second-Period Crisis:

	III. Loan Resale Market and Post-CrisisEconomic Funk
	IV. Conclusion
	REFERENCES





